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Background

Challenges and Solutions in Non-Clinical Recruitment

Research on how women at high-risk of breast or ovarian cancer make risk-
reduction choices is still developing, and rarely addresses minority and

underserved populations (Padamsee et al. 2017). Early findings indicate that

African American women face additional burdens at every stage of the
decision-making process (Padamsee et al. 2018). Comprehensive research
with diverse samples is imperative to understanding women's risk-reducing
choices In order to (a) facilitate health-protective decision making and (b)
reduce cancer health disparities.

A high proportion of high-risk women in all racial-ethnic groups — and the
majority of high-risk African American women — do not receive clinical care
related to their cancer risk. Better understanding and support of risk-
reduction behavior among these populations therefore requires that
researchers develop and utilize methods to enroll participants from a broad
range of settings, instead of solely from the clinical populations commonly
used In risk-reduction studies.

Non-Clinical Recruitment Experience

The Daughter, Sister, Mother Project designs and implements studies of
diverse women at high risk of breast or ovarian cancer, using multiple
research methodologies. Non-clinical recruitment methods include
contacting women through social media, online volunteer databases, and
community organizations. We have recruited high-risk African American
and White women from non-clinical environments to collect both qualitative
and quantitative data.

Our recruitment methods have successfully enrolled larger and more varied
samples than are often possible from these populations, including a set of
50 semi-structured interviews (40% African American, 60% White), and a
set of 1040 lengthy survey responses (~35% African American, ~65%
White). Our experience developing and using these methods has
Illuminated challenges and solutions that may be useful in other research.
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Risk Prediction Modeling

 Because the individual risk level of women

recruited through non-clinical methods is
usually unknown, risk prediction modeling
must be built into the data collection
process

» Telephone screening by trained research
staff allows risk prediction modeling
before study enrollment and replaces the
risk-level information that would pre-exist
participant recruitment in a clinical setting

* [ncorporating risk-prediction modeling Into
a data collection instrument requires
technical integration with proprietary
modeling software or substantial
Investment in original programming

» Collecting risk-related information within a
survey Instrument makes it possible for
participants to complete a survey in one
Interaction, but requires risk-prediction
modeling and sample trimming after data
have been collected
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Do you have a‘fmnily f.)ixz‘ory
bereast cancer?

Hacking and Fraudulent

If so, you may be eligible to participate
in a study from the Ohio State University's

Daughter Sister Mather Project!

Participants
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which asks about your medical history, and

» Combining online data collection with
soclal media recruitment faclilitates the
Involvement of participants not commonly
drawn into biomedical research, but also
exposes studies to hackers and fraudulent
participants

your thoughts and feelings about breast cancer risk.

To participate, please visit: go.osu.edu/daughtersistermother

Ongoing Connections

* To avoid losing incentive funds to hackers
or incorporating fraudulent information into
study datasets, we have developed
methods to distinguish “real” from “fake”
participants

« Some African American women not
already involved in high-risk clinical care
are also hesitant to become involved In
health-oriented research

* Trust can be built by nurturing connections
with community organizations and by
fostering ongoing two-way contact with a
research team

* These include survey programming
methods that detect or weed out
fraudulent accounts, semi-automated
methods to locate impossible data
combinations, and direct phone contact

* Long-term collaboration can be advanced with participants after data collection is

by facilitating access to necessary health

. complete
care resources, and by retuning useful
Information to the communities from oottt By
WhOm We Iearn It ID # decisinn.‘ Minutes Age  Phone Follow-up Mismatch Height  Age problem testing screening precursors
5472 Fake over 20 26 %::1}:]3:{ %E%EE&%‘::p Yes
Called Eﬂlf]ﬂ at 4:10. Left voicemail.
5492 Fake 11 23 Called Bﬂ&f]ﬂat&ﬂﬂ. Yes Yes

~
ot ' . ’ 5348 Real over 20 31
- , Called 8/19/19 at 4:50. Left voicemail.

Family hiStOT‘y Of breaSt Cancer? O " .‘ F 5240 Real over20 63 Called 8/21/19 at 4:04. Confirmed real.
| Race Mismatch Check

Displaying record | - ALL - v | of 2,955 results returned

Participant ID: Repeat Instrument Repeat Instance What is your race/ethnicity? What is your race/ethnicity?
‘ -edcap_repeat_instrum -edcap_repeat_instance  race ace?

ent

2062 White (1) Don't know (-8)

2 White (1) White (1)

3 White (1) White (1)

5 White (1) White (1)

605 White (1) African American (2)
682 White (1) African American (2
1035 White (1) African American (2)
1406 White (1) African American (2
1743 White (1) African American (2)
1746 White (1) African American (2
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